The tremendous energy consumption attributed to the Information and Communication Technology (ICT) field has become a persistent concern during the last few years, attracting significant academic and industrial efforts. Networks have begun to be improved towards being "green". Considering Quality of Service (QoS) and power consumption for green Internet, a Green Intelligent flexible QoS many-to-many Multicast routing algorithm (GIQM) is presented in this paper. In the proposed algorithm, a Rendezvous Point Confirming Stage (RPCS) is first carried out to obtain a rendezvous point and the candidate Many-to-many Multicast Sharing Tree (M 2 ST); then an Optimal Solution Identifying Stage (OSIS) is performed to generate a modified M 2 ST rooted at the rendezvous point, and an optimal M 2 ST is obtained by comparing the original M 2 ST and the modified M 2 ST. The network topology of Cernet2, GéANT and Internet2 were considered for the simulation of GIQM. The results from a series of experiments demonstrate the good performance and outstanding power-saving potential of the proposed GIQM with QoS satisfied.
network devices should be put to sleep (or into energy saving modes) when not in use in order to save energy. The current IP network resources are supplied according to the traffic demands at the peak time for the purpose to guarantee the network reliability and quite a few of network resources are redundant at most of the time, which makes the idea of green networking [9] feasible and reasonable. Recently, some effective power-efficient methods have been adopted to achieve the "greening" from two different grained perspectives: component-level and network-level power saving [10] [11] [12] . The former achieves power saving by deploying appropriate policies (e.g., Dynamic Voltage and Frequency Scaling (DVFS) in [13] , Low Power Idle (LPI) in [14] ) to control and adjust the working status of components in nodes or links and make their power consumption adapt to the transmitted traffic on them [15] . The latter achieves power saving from a global view of networks by improving the existing routing protocols, routing algorithms or network architectures (e.g., an enhanced version of OSPF for energy saving in [16] , a power-efficient QoS routing scheme in [17] , an energy-aware IP traffic engineering in [18] ), or even innovating them thoroughly (e.g., a completely new design of green reconfigurable router [19] ). In this paper, we consider the network-level power saving from a green routing point of view, which can relieve the energy and environment issues in the future network communication.
Meanwhile, QoS support has become more critical for current networks [20] , especially with new kinds of diversified networked applications emerging in recent years, e.g., telepresence, stock quotes, PPLive, telemedicine, podcasting, twitter, and so on, which ask routing to satisfy their different QoS requirements corresponding to their specific application types [21] . Since a many-to-many multicast application, such as video conferencing, multi-players game, jam session, etc. [22] , consists of multiple senders and multiple receivers with their own QoS requirements in terms of throughput, reliability, bounds on bandwidth, end-to-end delay, delay jitter, and packet loss ratio, it usually needs a strict QoS guarantee. For instance, video conferencing application has stringent reliability requirement over 99% [23] , its packet loss ratio should be no more than 1%, its one-way latency should be no more than 150 ms, and its jitter should be no more than 30 ms [24] ; the delay of racing game should be no more than 100 ms based on the study of two examples [25] . In addition, considering that the user QoS requirements are greatly affected by subjective factors, such as his expectation, experience, physical and mental state, personal background (age, sex, education degree), and so on, hence are hard to be described precisely, and thus we adopt the form of interval to depict a user's inexact QoS requirements and provide flexible QoS support to him.
The multicast routing with QoS constraints is known to be NP-Complete [26] , which is a relaxed problem concerned by us, i.e., the many-to-many multicast routing with power consumption minimized and user satisfaction degree on QoS maximized under QoS requirement and system capacity constraints. Thus, the problem to be solved in this paper is NP-Complete. Generally speaking, it can be solved by heuristic algorithms to generate feasible solutions within reasonable time based on some greedy functions which are nevertheless sub-optimal to the overall objective of the original problem. As a promising alternative, the intelligent optimization method can be used to find the near-optimal or optimal solution for this kind of problem by simultaneously intensifying searching in promising solution regions and exploring the uncharted space. Both the Dynamic Niche-based Self-organizing Learning Algorithm (DNSLA) [27] and Blind Naked Mole-Rats Algorithm (BNMRA) [28] are such kind of intelligent optimization method. They are introduced into our proposed algorithm, that is, the Green Intelligent flexible QoS many-to-many Multicast routing algorithm (GIQM), aiming to achieve maximum power saving under QoS constraints. GIQM is divided into two stages, that is, Rendezvous Point Confirming Stage (RPCS) and Optimal Solution Identifying Stage (OSIS). At the RPCS, GIQM obtains the rendezvous point and builds a candidate M 2 ST by the self-organizing learning method, which includes three kinds of learning strategies. At the OSIS, the rendezvous point is reviewed and a modified M 2 ST is obtained; then, we compared it with the candidate M 2 ST obtained at the RPCS, and if it is better than the candidate, it is chosen as the solution to the problem.
To the best of our knowledge, there is no prior work that comprehensively considers both the power consumption and QoS requirements under the many-to-many multicast scenario in the backbone network with intelligent optimization methods to solve it. Our contributions in this paper are listed as follows:
 In order to make explicit power characteristics of networking elements built as metrics in routing, we introduce innovative power models of nodes and links to quantitatively describe power profiles of networking elements.  The inexact QoS is flexibly supported, and the user satisfaction degree function on QoS is defined based on a fuzzy membership degree method.  We formulate the aforementioned many-to-many multicast routing problem as a nonlinear programming problem, which aims to maximize user satisfaction degree on QoS and minimize network power consumption subjecting to flow and QoS constraints.  Considering both power consumption and QoS requirements under the many-to-many multicast scenario in the backbone network, we devise a two-stage multicast routing algorithm, that is, GIQM, to solve the problem of interest. Furthermore, our proposed GIQM focuses on routing before the multicast is initiated, that is, the optimal multicast tree construction. If neither joining/leaving of any multicast member nor severe multicast QoS deterioration happens in the duration of the multicast, the tree keeps unchanged. When there are some multicast members joining in or leaving from the multicast, it often needs to prune the multicast tree by partial rerouting in order to add or delete the corresponding nodes from the tree with the necessary network resources allocated or released. To this, we devised the solution in [29] . If the multicast member joining or leaving happens frequently and makes the tree not optimized significantly or the multicast QoS deteriorates severely due to network congestion or other reasons, the complete rerouting can be carried out and the optimal multicast tree can be rebuilt just by our proposed GIQM.
The remainder of this paper is organized as follows. Section 2 briefly reviews the related research and background of multicast routing. Section 3 provides problem description and models power consumption of network elements. In Section 4, GIQM is described to solve the problem of interest. Section 5 presents our evaluation methodology and experimental results. Finally, conclusions are drawn in Section 6.
Related work
There have already been a significant amount of researches focusing on the design and implementation of routing algorithms in the Internet. Some power-saving schemes are devised toward green networking; some QoS support strategies are proposed to meet the user's requirements; furthermore, others are also developed to support different communication scenarios. Nevertheless, most of them seldom paid attention to both power saving and QoS support in the multicast scenario, especially under the many-to-many multicast scenario. We have carried out a survey of related researches as listed in Table  1 , where "IO" represents Intelligent Optimization, namely Meta-Heuristics (M-H), "O2M" represents One-to-Many, "M2M" represents Many-to-Many, "" represents that the current literature belongs to or completely supports the corresponding item, "" represents that the current literature does not belong to or does not support the corresponding item, "" represents that the current literature partly supports the corresponding item. To our best knowledge, there are no specific researches on Many-to-One (M2O) multicast scenarios by far, thus there is no "M2O" column in Table 1 .
A large number of works were concerned about QoS guarantees in their routing algorithms under different communication scenarios. A Multi-constrained QoS Unicast Routing Using Genetic Algorithm (MURUGA) was proposed in [30] , finding the best path that satisfies multiple QoS constraints. The authors also considered the algorithm's performance in terms of search efficiency and path computation time. The authors of [31] [32] [33] [34] [35] [36] [37] [38] [39] instead paid their attention to QoS routing algorithms under one-to-many multicast scenario. In [31] , a novel Bi-Velocity Discrete Particle Swarm Optimization (BVDPSO) algorithm was proposed to optimize one-to-many multicast routing problem in communication networks. A Niched Ant Colony Optimization with colony guides (NACOg) algorithm was developed to tackle the minimum-cost multicast tree problem under the delay-and-bandwidth constraint in [32] . The evolutionary optimization of the NACOg algorithm was empowered with search balance between diversification and intensification. Based on the Multi-Robot Navigation Algorithm (MRNA), a swarm intelligence based QoS routing protocol was proposed for self-organizing network in [33] . It can search a routing path which satisfies the user QoS requirements and achieve the Pareto optimal utilities of the user and the network service provider under the Nash equilibrium. In [34] , a Multicast Routing Algorithm based on Searching a Directed grapH (MRASDH) was proposed, and an ant algorithm is applied to construct a directed sub-graph for each destination node based on the thought of deleting the non-relative nodes to shrink the searching space, and finally used a simulated annealing algorithm to obtain the qualified multicast tree in the new space. In [35] , a Tree-Growth Based Ant Colony Algorithm (TGBACA) for the multi-constrained QoS multicast routing problem was proposed. It applied an ant colony optimization (ACO) algorithm to control the tree growth in order to generate a multicast tree. A Weighted Parameter for Multicast Trees (WPMT) algorithm was proposed in [36] to solve several well-known multicast problems, including the minimum cost tree problem, the minimum delay tree problem, the delay-constrained minimum cost tree problem, the cost-constrained minimum delay tree problem, and so on. A Distributed Token-Passing based algorithm (DTP) was presented for computing a real-time sub-optimal cost multicast routing tree in [37] . It can construct a sub-optimal multicast routing tree satisfying delay constraints for all members in the multicast group. In [38] , a novel path-based multicast algorithm-Qualified Group (QG) algorithm was presented for interconnection networks. QG algorithm considers the multicast latency at both the network and node levels across different traffic scenarios to achieve a high degree of parallelism during the propagation of a multicast message. In [39] , a GA based algorithm for solving multimedia multicast routing was proposed, which can find the low-cost multicasting tree with bandwidth and delay constraints. It speeds up the searching ability for the optimal solution, and the global convergence of solution can be achieved by heuristic crossover and mutation operation. To sum up, intelligent optimization methods were adopted to solve the multicast routing problems in [31] [32] [33] [34] [35] , while heuristics were applied in [36] [37] [38] [39] . 
 Some authors devoted themselves to QoS routing algorithms under the many-to-many multicast scenario. In [40] , the many-to-many multicast QoS routing problem was formulated as a concave quadratic program and binary Integer Linear Program (ILP), and a Difference of Convex functions Algorithm (DCA) and proximal decomposition technique are proposed to solve it. The delay and delay jitter constrained many-to-many multicast tree problems were formulated in [41] . A Source-Based Scheme (SBS) is devised, which at first finds a feasible multicast tree for each source node in the multicast group and then a minimum cover of these multicast trees so that there exists at least one feasible multicast tree in the minimum cover for each source node. A necessary and sufficient condition is also derived for a core-based multicast tree to be feasible, and a Core-Based Scheme (CBS) based on the derived condition is provided. However, in all the aforementioned literature, only the rigid QoS was taken into account when routing, while the power consumption factor was ignored.
Some literature embedded power consumption metrics in their routing decisions. In [42] , a new heuristic algorithm based on the ILP formulation (HILP-GreenRE) was introduced to solve the energy-aware routing problem. A new energy-aware routing model with the support of data redundancy elimination (RE) was proposed. It was enabled within routers and it could virtually increase capacities of network links. In [43] , a novel energy-efficient routing approach called Safe and Practical Energy Efficient Detour Routing (SPEED) was proposed to maximize the number of the aggregated links and then aggregate traffic for power savings in IP networks without any changes to the traditional IP packets forwarding diagram and routing protocols. In [44] , a power model that can quantify the relationship between traffic volume and power consumption was presented, and three Hop-By-Hop Green Routing Algorithms (HBHGRA) which guaranteed loop-free routing and substantially reduced energy footprint in the Internet were progressively developed. Energy conservation and path stretch were jointly considered. However, QoS guarantee was not provided to the user when routing and the multicast scenario was neglected in [42] [43] [44] .
Only a few works took both power consumption and QoS requirements into account in the routing algorithms. For instance, two routing algorithms subject to routing cost and rigid QoS constraints were proposed in [45] , that is, a constrained Unicast-Max-Flow-Min-Cost algorithm (UMFMC) for routing unicast traffic flows and a constrained Multicast-Max-Flow-Min-Cost algorithm (MMFMC) to maximize the throughput of a one-to-many multicast tree while simultaneously minimizing energy costs. However, the flexible QoS constraints were not considered and the many-to-many multicast scenario was ignored in [45] .
Modeling and problem formulation

Model description
Network model
The network model in this paper is denoted as a connected graph G = (V, E), as shown in Fig. 1 , where V represents a set of vertices (namely network nodes) and E represents a set of edges (namely network links). 
Node model
A node model is proposed and its structure is illustrated in Fig. 2 . It consists of multiple chassis, line cards, a master engine (ME), a switching fabric, multiple forwarding engines (FEs), multiple replication engines (REs), and so on. Among them, the ME is responsible for routing packets and updating routing table; the switching fabric connects input and output ports inside the router; the FE is in charge of routing table lookup; the RE is used for multicast replication. Note that all the engines are equipped with the buffer of certain size [46] . Power consumption of network node i can be formulated by Eq. (1). PortSt are state identifiers of components in the node, corresponding to states of chassis k , line card lc and port p in node i respectively, and their values are either 0 (sleeping state) or 1 (working state).
Link model
A link model is proposed and its structure is shown in Fig. 3 . It has a pre-amplifier, in-line amplifiers, regenerators, a post-amplifier, and so on. Among them, the pre-amplifier is used to enhance the traffic transmitting power; an in-line amplifier is used to extend the transmission distance; a regenerator is used to provision the signal conditioning; the post-amplifier is used to convert the signal power. Power consumption of link l is calculated by the following Eq. (2).
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In-line amplifier Post-amplifier Fig. 3 The proposed link structure RgenSt denote states of in-line amplifier a and regenerator b on link l, and their values are either 0 (sleeping state) or 1 (working state). The power consumption of a multicast tree consists of that of its nodes and links and is calculated by the following Eq. (3).
QoS presentation
Network provided QoS
Just for simplicity, the QoS provided by the node is combined into the corresponding QoS provided by the downstream link along the route. The provided QoS is represented as a quaternion, namely 〈bandwidth (bw), delay (dl), delay jitter (jt), error rate (er)〉, where l bw , l dl , l jt and l er represent the available bandwidth, delay, delay jitter and error rate of the link l respectively. For a path P, its provided QoS is calculated in Eq. (4). min{ | }, ,
For a tree T, its provided QoS is calculated in Eq. (5) .
QoS satisfaction degree
User satisfaction degree on the network provided QoS is a measure to reflect the network service quality regarding to the user QoS requirements [47] . QoS requirements of the user have been divided into K kinds of service classes according to the definition from ITU-T [48] , which can be mapped into different QoS intervals. In this paper, the service classes specified in [48] are supported. We denote user QoS requirements as follows:
For the kth class of QoS requirement, the user satisfaction degree function of bandwidth is defined by Eq. (6), which is shown in Fig. 4(a) ; while the user satisfaction degree function of the other three QoS parameters is defined by Eq. (7), which is shown in Fig. 4 
The user satisfaction degree on QoS
The user satisfaction degree on the overall QoS is defined in 
Satis bw Satis dl Satis QoS
Satis jt Satis er
Problem formulation
In this paper, the optimization objective is to maximize the user satisfaction degree on QoS and minimize the network power consumption under the user QoS requirement and system capacity constraints, as shown in Eqs. (9)- (13) .
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Eqs. (11) and (12) are flow constraints under the many-to-many multicast scenario. Constraint (11) is the classical flow conservation constraint, that is, except the case of node i as a source node or a destination node, the total amount of flows going into node i is equal to the total output amount of flows going out of it. The term sd
the average amount of traffic from the source node s to the destination node d.
[0, ]
sd sd ij f t  denotes the amount of flow from s to d that is routed through link l from i to j. Constraint (12) says that each link has sufficient capacity to accommodate all the flows that traverse the link. The term l c represents the capacity of link l.
(0,1] MLU  represents the maximum link utilization that can be tolerated. The reason why we take MLU into account is as follows: on one hand, the capacity of a link should be of certain margin to accommodate the burst traffic demands especially during peak periods; on the other hand, the network should have the ability of rapidly recovering from routing failure, that is, from a practical point of view, network survivability should be considered. Hence, in this paper we investigate the performance of the proposed GIQM with MLU=0.7 (see details in Section 5.2). The term ij f represents the total amount of flows that are routed over link l from i to j. Eq. (13) is QoS constraints.
Algorithm design
Introduction to DNSLA and BNMRA
DNSLA is a dynamic niche-based evolutionary algorithm, which carries out a self-organizing learning process consisting of global learning, neighborhood learning and self-learning. In the global learning, the learning rate of an individual is dynamically adjusted based on the fitness of the individual and the average fitness of the population to which the individual belongs. If the fitness of the individual is greater than the average fitness of the population, the global learning rate is enhanced to help the best individual in the current whole ecosystem to carry out an intensive search. In the neighborhood learning, the learning rate of an individual is dynamically adjusted based on the Hamming distance between the individual and the best individual of the current population to which the individual belongs. With the dynamic learning rate, the Hamming distance between them is shortened as much as possible to assist in the best individual of the current population to carry out an intensive search. In the self-learning, the learning rate of an individual is dynamically adjusted depending on the ratio of the average fitness of the population to the fitness of the individual. If the fitness of the individual is much worse than the average fitness of the population, its self-learning rate will quickly rise to a relatively high level and obtain the dual individual by the dual mapping to the current individual. With the ongoing learning, when a niche population finds a better global solution than before, the other populations will assign some of their individuals into the existing niche population to carry out an intensive search; however, if a niche population never finds a better global solution than before during its evolutionary process, all the individuals in the population will be gradually transferred to the other niche populations and finally this niche population will disappear. Unlike a passive adaptive search strategy in traditional evolutionary algorithms, the individuals involved in DNSLA are able to learn actively. However, DNSLA is short of precise solution search ability and in some cases even falls into local optima.
BNMRA is a meta-heuristic and bionic algorithm based on social behaviors of large-scale blind naked mole-rats colony in searching the food. The suitable food sources are considered as targets to be found by employed mole-rats in the search process. When temperature and humidity change, the search of neighborhoods of food sources is carried out with different intensities. The process of collecting the food from food sources and concurrently searching their neighbors is repeated for all food sources along with their neighborhoods until no food source is available. By self-organization and division of labor (mole-rats), BNMRA has the ability of group cooperation to reach the global optimal solution with different search intensities. Furthermore, a large number of experiments conducted in [28] demonstrated that the mean and standard derivation function value of the best solution found by BNMRA was better than that of the usual optimization algorithms including GA, PSO, simulated annealing, artificial bee colony and so on, which showed that BNMRA has precise solution search ability. Consequently, BNMRA can be combined with DNSLA to obtain the optimal solution by enhancing precise solution search ability and carrying out intelligent search to avoid getting trapped in local optima.
Description of the proposed GIQM algorithm
Algorithm framework
On the basis of DNSLA and BNMRA, we propose the GIQM, which consists of two stages, namely RPCS and OSIS, to solve the many-to-many multicast routing problem with power consumption minimized and user satisfaction degree on QoS maximized under QoS requirement and system capacity constraints. After obtaining a set of initial solutions, the self-organizing learning method is adopted to obtain the rendezvous point and the candidate solution in RPCS. A new solution rooted at the rendezvous point, which is found in RPCS, is generated according to the selection probability depending on food production and environment information of each neighbor node in OSIS. The final solution is identified by getting the better of the two solutions found in RPCS and OSIS. The GIQM is described in the following Algorithm 1. 
Solution expression
In GIQM, a solution is a many-to-many multicast tree that consists of the rendezvous point and multicast members. Assume that S and D represent the set of source nodes and destination nodes in a multicast tree respectively, namely 
Initial solution generation
In order to obtain a set of initial solutions quickly and reasonably, at first we select a set of nodes randomly in the current network as the rendezvous points; then for each rendezvous point, we use Dijkstra algorithm to get a shortest path between the rendezvous point and each multicast member; finally, an initial solution is obtained by merging all the shortest paths with redundant branches cut and loops broken.
For example, for the rendezvous point 0 RP v , we find the
). Then we get an initial solution as follows:
, , , , , , , , , , ,
Fitness function
The fitness function in GIQM is defined in Eq. (14) , which is used to evaluate the quality of a solution towards the optimization objective.
( ) / The self-organizing learning consists of three kinds of learning strategies: global learning, neighborhood learning and self-learning, which are described below respectively.
Global learning
All the individuals in each population start to learn from the individual with the best fitness in the whole ecosystem in this phase, that is, best obtained from the RPCS and will be reviewed in the OSIS, and vRP is the rendezvous point which is the search-starting node in OSIS.
The RPCS is described in the following Algorithm 2. Here, lines 1-2 are the initialization phase; lines 5-17 are to calculate the fitness of population; lines 18-26 are the self-organizing learning process; lines 29-30 are the exchange process of the best individuals among the populations when the average fitness and the best individual of ecosystem do not change in the last generation; line 33 does pruning; lines 34-36 check constraints. 
11:
End-If 12:
If the individual with the best fitness in the ecosystem is unique then 13:
Set it as best P ;
14:
Else set the individuals with the best fitness in the ecosystem as ; //Carry out the global learning and i k F is a temporary variable to store learning rate. 19 :
Update i k f ; 20:
If the fitness of i k P is not improved then 21:
; //Carry out the neighborhood learning.
22:
Update i k f ; 23:
If the fitness of i k P is still not improved then 24:
; //Carry out the self-learning. 25 :
Update i k f ; 26:
End-If 27:
End-For 28:
Update 
OSIS
OSIS is divided into five operations: (1) calculating food production, that is, getting power consumption of a hop which includes the neighbor node j v of the current node i v and the link ij l between them;
(2) obtaining environmental information, that is, getting the network provided QoS; (3) determining search intensity; (4) calculating selection probability, and (5) searching food source(s). The food source(s) (corresponding to the neighbor node(s)) are selected appropriately based on the following Eqs. (18)- (21) . A M 2 STOSIS, taking the rendezvous point RP v of M 2 STRPCS as its root, is gradually generated by the continuous joining of the new neighbor nodes.
Note that the mole-rats take food source(s) (neighbor node(s)) as search target. The food production of food sources is calculated by Eq. (18) . j v T is a generating tree that continuously has the neighbor node j v joined, and its power consumption, which includes that of the rendezvous point and all the food sources, is calculated by Eq. (19) .
The conditions of the selected food sources (corresponding to the neighbor nodes) in terms of temperature and humidity (corresponding to the network provided QoS) must always be suitable to ensure the survival of mole-rats colony (corresponding to the user QoS requirements). The user satisfaction degree on QoS of j v T is calculated according to 
 
Note that the mole-rat selects a food source with high selection probability and moves towards it, that is, in the routing process, it selects the neighbor node with high selection probability as the next hop node.
The OSIS is described in the following Algorithm 3. Lines 5-12 are to calculate the selection probability 
8:
End-If 9: 
A simple example
Based on the topology of CERNET2 (more details are available in Section 5.1), we give an example to illustrate how to build M 2 STOSIS, as shown in Fig. 5 . We assume that the multicast members include SY, LZ, CS, SH and XM, and a video conferencing will be held among them. We also assume that the user QoS requirements on bandwidth, delay, delay jitter and error rate are [384Kbps, 4Mbps], [0, 400ms], [0, 200ms] and [0, 0.01] respectively, and the relative importance of bandwidth, delay, delay jitter and error rate to the user QoS are equal, that is,
. We further assume that two populations are in the ecosystem and each niche population consists of six individuals. We number all the nodes as shown in Fig. 5 . We select a set of nodes randomly as the rendezvous points and then for each rendezvous point, we use Dijkstra algorithm to get the shortest path between the rendezvous point and each multicast member, and thus an initial solution is obtained by merging all the shortest paths with redundant branches cut and with loops broken. The two original populations and the corresponding fitness values of individuals are shown in Tables 2 and 3 respectively. We calculate the user QoS satisfaction degree of each individual in the two populations by Eq. (8) and power consumption of each individual in the two populations by Eq. (3) . Furthermore, we can obtain the fitness of each individual in the two populations by Eq. (14) , which is shown as follows:
In the first population 1 Each individual except for 6 2 P in the two populations carries out a global learning and the corresponding learning rate can be calculated by Eq. (15) , which is shown in Table 4 .
Then we obtain the new populations and their corresponding fitness values of individuals shown in Table 5 and Table 6 . The second original population 2 P in the example (19-18-16-15-3-2, 19-13-3-15-16-17, 19-13-14, 19-13-12-11-10 
Such iteration is carried out for ten times. We get 10 best P =(3-2, 3-13-19-18-16-17, 3-13-14, 3-5-6-7-8-9, 3-5-6-7-8-9-10-11) and its rendezvous point is vBJ. Because 10 best P is loop-free and has no redundant branches, we obtain M 2 STRPCS directly. Further, its QoS =(3Mbps, 140ms, 87ms, 0) satisfies capacity and QoS constraints. M 2 STRPCS is denoted with the yellow lines in Fig. 5 .
In the following, we pay attention to the generating process of M 2 STOSIS. The food sources (namely the neighbor nodes) continuously join in M 2 ST starting with the rendezvous point vBJ obtained from M 2 STRPCS, shown from Fig. 5 (a)-(f) . In more detail, from Fig. 5 (a Fig. 5 (c)-(e); after all the multicast members are found, the redundant nodes and links, such as SY-DL l and vDL, are removed, and we get M 2 STOSIS=(3-2, 3-15-16-17, 3-13-14, 3-13-8-9, 3-13-8-9-10-11) as shown in Fig. 5 (f) , and its fitness is 0.025302, which is larger than that (0.02272) of M 2 STRPCS. Thus, we select M 2 STOSIS as M 2 STOPT. 
In OSIS, the worst case time complexity in calculating the selection probability 
Simulation and evaluation
In this section, simulation configuration is first described in Section 5.1. Then, in Section 5.2, the performance of GIQM is evaluated over realistic topologies with MLU=0.7, which is introduced to reflect the influence of network margin on network power consumption and performance. We select the Core-Based Trees (CBT) multicast routing algorithm [49] , the Single Shortest Path First (SSPF) point-to-point (P2P) routing algorithm [50] and the constrained Multicast-Max-Flow-Min-Cost algorithm (MMFMC) [45] as the benchmarks due to their similar concerns over multicast routing to our concerns.
CBT is a typical multicast routing algorithm. A CBT has a single node as the core of the tree, from which branches emanate. These branches are made up of other non-core nodes, which form a shortest path between a member of multicast group and the core. The formation of CBT is receiver-based, i.e., a node does not become part of a tree for a particular group unless the node is intended to become a member of that group (or is on the path between a potential member and the tree, in which case the node must become part of the tree). This is of significant benefit to all nodes on the shortest-path between a non-receiver sender and the multicast tree, since they do not incur tree-building overhead. However, the core placement of CBT is usually determined by an external agreement based on the judgement of which node is "known" about the network topology between the current members, even the "best guess" of the core placement are adopted [49] . Therefore, the selection of the core of a CBT is relatively coarse, and its performance is worse than other schemes in many cases.
SSPF is a recently proposed efficient heuristic for energy-aware routing, and is used to solve an ILP optimization problem, which aims to shut down a subset of bundled links during off-peak periods to minimize energy expenditure. It has three versions: SSPF-1, SSPF-2 and SSPF-R. It uses the greedy heuristic approach to produce a set of paths to route all traffic demands through all powered-on cables in the link set. It firstly uses each shortest path to route the traffic flow of each demand; then, it calculates the total number of cables for each link needed to route all demands in order to switch off the maximal number of unused cables from each link at the same time ensure that the remaining cables are capable of meeting all traffic demands; next, it iteratively selects a candidate link and aims to switch off one of its cables by a function used in SSPF-1 to select the link with the largest spare capacity, or by a function used in SSPF-2 to select the link with the smallest average flow per demand, and for each selected link, a greedy heuristic is used to check if deleting a cable is feasible; finally, it carries out a sequential process of restoring the deleted cables in SSPF-R, repeatedly assuming that a deleted cable leads to a local minimum and the remaining deleted cables are correct decisions to correct the possible mistakes which lead to the local minima.
MMFMC is a one-to-many multicast routing algorithm to achieve the maximum aggregate throughput using network coding while simultaneously achieving the minimum cost, subject to cost constraints. It is based on the constrained Unicast-Max-Flow-Min-Cost algorithm (UMFMC) which maximize the aggregate flow in a graph while minimizing the routing cost. UMFMC accepts constraint on the maximum allowable cost of any unicast traffic flow as its input. For traffic to be delivered, a subgraph containing a set of candidate edges is specified. The removal of undesirable edges results in the specification of a sub-graph for traffic. UMFMC consists of two Linear Programs (LPs). The first LP called the Constrained-Maximum-Flow LP (CMF-LP) maximizes the aggregated traffic flow, subject to the constraint that traffic is routed over its subgraph. The allowable cost for every traffic flow is constrained by selecting the subgraph appropriately. The second LP called the Constrained-Minimum-Cost LP (CMC-LP) minimizes the cost of the maximum aggregated traffic flow, subject to the constraint that traffic is routed over its subgraph.
To evaluate the performance of GIQM, we investigate the six devised routing schemes (denoted as Scheme 1-6 in the following) and introduce power consumption into their routing process to carry out the reasonable comparison with our proposed scheme (denoted as Scheme 7) . All these schemes are described briefly as follows.
Scheme 1: SSPF-M. Since SSPF was devised for P2P communication, we have to extend it to support the many-to-many multicast scenario and denote it as SSPF-M. At first, a one-to-many multicast tree is made up of a set of shortest paths produced by SSPF-2 between each multicast sender and the multicast receivers. Then all the one-to-many multicast trees are merged and redundant branches are cut to construct a many-to-many multicast tree. Finally, SSPF-R is used to repeatedly check the feasibility of deleting a cable and avoid local minima. Scheme 2: CBT. Referring to the core placement methods in [49] , the node with the minimum average hops to all the multicast group members is selected as the core of the multicast group. The many-to-many multicast tree formed is a shortest-path spanning tree (SPT) rooted at the core.
Scheme 3: C-S. We incorporate the main idea of SSPF into CBT. The core placement is the same as that in Scheme 2. The many-to-many multicast tree is made up of a set of shortest paths produced by SSPF-2 between the core and the multicast members. SSPF-R is used to avoid the local minima.
Scheme 4: G-S. We take the rendezvous point obtained in RPCS as the root of the multicast tree, and the generating process of the many-to-many multicast tree is the same as that in the Scheme 3.
Scheme 5: G-C. Taking the rendezvous point obtained in RPCS as the core, the core-based multicast tree is generated just as that in Scheme 2.
Scheme 6: MMFMP. We set power consumption of each link respectively as the corresponding edge cost, and then MMFMC can be further denoted as MMFMP. MMFMP is developed to solve the one-to-many multicast routing problem, so we have to simply merge the multicast trees obtained by MMFMP as the solution under many-to-many multicast routing scenario after cutting the redundant branches. Scheme 7: our proposed GIQM. Fig. 6 and Table 7 , respectively. 
Scenario configuration
In all simulation scenarios in this paper, the nodes are assumed to have the same energy profile. Every node represents a core router, e.g., the Cisco 12000 core router [54] . It is assumed that 4 chassis are included in a router, 4 line cards are included in a chassis and 4 ports are included in a line card in the network. The constants  and  in the power model of a node are respectively given the value 0.032 and 0.82 according to Vereecken et al. [55] . By referring to Cisco XR 12000 Series and Cisco 12000 Series Routers [54] , the settings of power consumption parameters used in the simulation are shown in Table 8 . Our comparison and evaluation among the above seven schemes are carried out with MLU = 0.7, as shown in Section 5.2. Table 8 Power For the traffic matrix used in simulation, referring to the approach from [56] , it has been obtained from the "Nobel-2 undirected graph" data file which is publicly available in [57] containing the undirected traffic demand between each pair of nodes. The directed traffic demands can be obtained by randomly split the demand between two directions. Referring to that in the nobel-eu topology [57] (including 28 nodes and 41 links) shown in Fig. 7 , the total amount of traffic demands in Cernet2, Internet2 and GéANT are respectively set to 55 Gb/s, 5Tb/s and 2Tb/s, distributed among the origin-destination pairs. Fig. 7 Nobel-eu topology To identify the relative importance of different QoS parameters to the user, we refer to the standards recommended in ITU-T Y.1541 [48] and the weight for QoS parameters used in [58] , and set bw  =0.111 for bandwidth, dl  =0.149 for delay, jt  =0.151 for delay jitter and er  =0.589 for error rate.
Comparison and evaluation
We evaluate Schemes 1-7 on network power consumption, routing success rate, user satisfaction degree on QoS and running time under MLU=0.7 over topologies under consideration.
The comparison results on network power consumption from Fig. 8 (a) -(c) indicate that the network power consumption gradually increases along with the rising of the number of multicast members. Furthermore, we also observe that the impact of network scale and network complexity on the power saving potential of Schemes 1-7 from Fig. 8 , that is, each scheme over a complex topology shows its better power saving potential than that over a simple one, owing to more redundant components being put into the sleeping state over the former than those over the latter.
For all of the three network topologies, the power consumption of GIQM is the lowest among all the schemes while the power consumption of SSPF is the highest. The gaps among the schemes over the same topology mainly depend on different routing strategies. The power saving in SSPF relies on shutting down a subset of the bundled links as many as possible by the Greedy Heuristics. Although we improve SSPF to support the multicast scenario, its underlying unicast routing property makes the multicast data packets travel on some extra paths, which leads to unnecessary power consumption. In CBT, a core-based forwarding tree is established to meet the multicast communication. One major advantage is that the adoption of the core-based idea for the multicast communication helps in optimizing the routes between any sender and group members on the tree, and thus facilitates power saving under the multicast scenario. Another major advantage of CBT is that the CBT formation and multicast packet flow are decoupled from, but take full advantage of, underlying unicast routing, irrespective of which underlying unicast algorithm is operating. These factors result in the CBT being more power-saving than SSPF. For GIQM, the optimized many-to-many multicast tree is obtained by comparing solutions from two stages, that is, the candidate multicast tree derived at the first RPCS stage and the modified multicast tree rooted at the exquisite rendezvous points derived at the second OSIS stage, which can avoid the local optimal solution as much as possible. Such a two-stage solving process enables GIQM to have the most prominent power-saving potential in all the above schemes. The C-S, G-S and G-C schemes are hybrid schemes on the basis of SSPF, CBT and GIQM. C-S and G-S are only different in the selection of the core or the rendezvous point. When the core selected in C-S and the rendezvous point selected in G-S are the same node, the power consumption of C-S and G-S is equal, e.g., the number of multicast members is 4 and 12 over Cernet2 in Fig. 8 (a) ; otherwise, in most cases, the power consumption of G-S is lower than that of C-S except that the number of multicast members is 10 and 12 over GéANT in Fig. 8 (b) , owing to the fact that using the rendezvous point obtained in RPCS can always get a better core than that of C-S. However, neither G-S nor C-S is more power-saving than CBT. Similarly, when the core selected in CBT and the rendezvous point selected in G-C are the same node, the power consumption of G-C and CBT is equal; otherwise, the power consumption of G-C is lower than that of CBT. The power consumption of MMFMP is between that of G-S and CBT, and the result is mainly because that MMFMP achieves partial traffic aggregation using network coding in the process of generating one-to-many multicast trees and simple merging of one-to-many multicast trees in the process of generating the many-to-many multicast solution, which make it much better than G-S and much worse than CBT. The comparison results on routing success rate from Fig. 9 (a)-(c) indicate that along with the increasing number of multicast members, network resources become deficient when searching paths that satisfy QoS demands for all services and hence routing success rate is gradually decreasing in each scheme. Furthermore, we also observe the impact of network scale and network complexity on the routing success rate of Schemes 1-7 from Fig. 9 , that is, each scheme over Cernet2 attains the greatest routing success rate over all the three topologies and each one in Internet2 is the worst, mainly owing to deterioration of QoS guarantee in the complex topology.
Furthermore, for all of the three network topologies the routing success rate of GIQM is higher and also its decrease rate with the increase of the number of multicast members is slower than those of the other schemes, which is due to the user satisfaction degree on QoS being considered in the routing process and QoS being supported flexibly in the interval form to enable adjusting route adaptively. In CBT, the worst situation in the routing success rate occurs when the traffic demands are raising sharply, the multicast tree, especially its core, exhausts itself to cope with the huge traffic due to its coarse core selection and its lacking of QoS guarantee. As for SSPF, although QoS consideration is still missing, the underlying unicast routing property of SSPF makes it, to some extent, be scalable to the increasing traffic demands and thus avoid the traffic being concentrated on the single node or path at the cost of much power consumption. In other schemes, we can see that the G-S scheme is better than C-S, G-C and SSPF due to its partial combination of QoS guarantee and underlying unicast routing property. Furthermore, G-C is better than SSPF and C-S, because G-C takes QoS guarantee into account in the process of determining the rendezvous point in RPCS. For the comparison between SSPF and C-S, when the number of multicast members is more than 8, SSPF shows a significantly better routing success rate than C-S, because the core of the multicast tree in C-S is becoming more and more exhausted with the increasing traffic flows and even gets congested; in other cases, there is little difference between the two schemes. As for MMFMP, we can observe that its routing success rate is between that of CBT and C-S, which is mainly because that the simple merging of one-to-many multicast trees in MMFMP makes more incoming traffic accommodated in the many-to-many multicast solution compared with CBT, and the aggregation of unicast flows achieved by using network coding leads to less remaining capacity and worse QoS guarantee than that of C-S. The comparison results on the user satisfaction degree on QoS from Fig. 10 (a) -(c) indicate that the user satisfaction degree on QoS gradually decreases with the increase of the number of multicast members. Furthermore, we also observe the impact of network scale and network complexity on the user satisfaction degree on QoS for Schemes 1-7 in Fig. 10 , that is, QoS for each scheme over Cernet2 are the greatest in all the three topologies and that over Internet2 are the worst, mainly owing to significant increases in delay, delay jitter and error rate for the optimal M 2 ST over a complex topology. Furthermore, for all of the three network topologies, the user satisfaction degree on QoS in GIQM is higher and also their decrease rates are slower than those of the other schemes, because in GIQM the QoS satisfaction degree is used in routing decision and the tree with the best user satisfaction degree on QoS is always chosen as the route for the incoming many-to-many traffic demand. In Fig. 10 , it can be observed that the user satisfaction degree on QoS of CBT is the worst among all the schemes. The reason is that the generating process of its multicast tree does not support QoS guarantee and the coarse selection of the core makes it difficult to process relatively large traffic demands timely. For SSPF, it does not consider QoS when routing, however, its user satisfaction degree on QoS is far better than that of CBT, mainly thanking to its underlying unicast routing property, which enables it to avoid the traffic concentrated on a single node or path and thus improves QoS to some extent. In other schemes, we can see that the G-S scheme is better than C-S and G-C owing to its partial combination of the exquisite core choice in RPCS and underlying unicast routing property from SSPF. Furthermore, G-C is better than SSPF and C-S because of its exquisite core (rendezvous point in RPCS) selection. For the gap of user satisfaction degree on QoS between SSPF and C-S, it is mainly because the underlying unicast routing property of SSPF is superior to the negative effect brought by the coarse selection of the core of C-S. As for MMFMP, we can observe that its user satisfaction degree on QoS is between that of CBT and C-S. The reason is that network coding used in MMFMP can usually achieve high throughput (leading to the high user satisfaction degree on bandwidth) and low error rate (leading to the high user satisfaction degree on error rate), but simultaneously cause extra delay due to encoding and decoding operations (leading to the low user satisfaction degree on delay and jitter). The comparison results on the running time from Fig. 11 (a)-(c) indicate that along with the increasing number of multicast members, the running time gradually increases in each scheme. Furthermore, we also observe the impact of network scale and network complexity on the running time of Schemes 1-7 from Fig. 11 , that is, each scheme over Cernet2 takes the least time in all the three topologies and each one over Internet2 takes the most time, mainly owing to the expansion of the solution space and the increase of computation expenditure in the complex topology.
As expected, the running time of GIQM is higher than that of the other schemes, due to the time-consuming evolution stage of RPCS and the time-consuming bio-inspired meta-heuristic stage of OSIS. While in SSPF, in order to shut down a subnet of the bundled links, SSPF-2 uses the greedy heuristic function to check if deleting a fiber in a link is feasible and then SSPF-R heuristically restores all fibers in a link and select a candidate fiber in another link to avoid local minima. Hence, the running time of SSPF is higher than the remaining other five schemes although it is lower than that of GIQM. For CBT, its running time is lower than the hybrid schemes (C-S, G-S and G-C) and even far less than that of the schemes as a result of not using any time-consuming solving methods in the routing process. In the hybrid schemes, arising from the rendezvous point selection as that in GIQM and then the multicast tree generated as that in SSPF, G-S has a higher running time than C-S and G-C. Furthermore, from Fig. 11 , we observe that G-C has a longer running time than SSPF and the gap will become even larger when the number of multicast members increases. For C-S scheme, its running time is between that of SSPF and CBT. As for MMFMP, its running time is the lowest in all the schemes, even much less than that of CBT, owing to its polynomial-time solutions. 
Conclusions
This paper focuses on power saving and QoS satisfaction for many-to-many multicast scenario in the backbone network. We devise a two-stage power-efficient QoS algorithm, that is, GIQM, to solve the many-to-many multicast routing problem, which is formulated as a nonlinear programming problem mathematically. In particular, we elaborate power profiles of network elements explicitly and enable power consumption as a metric for routing. Also, the user QoS requirements are flexibly supported in the form of interval, and a user satisfaction degree function on QoS is defined based on a fuzzy membership degree method. The proposed GIQM is compared with the other six routing schemes on power consumption, routing success rate and running time. At the cost of running time, GIQM achieves the best performance among all the schemes, indicating that it is feasible and effective in terms of power-saving potential and routing quality.
Furthermore, a more in-depth subsequent study will be carried out to pursue more significant power saving in the future. The power profiles of network elements will be characterized more elaborately to enable much more effective and efficient routing decision. Moreover, a more power-saving QoS many-to-many multicast routing algorithm will also be exploited to solve the proposed problem in this paper much more efficiently, especially improving the running time of the proposed solution.
